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Summary Experiments Key results

DS Is the first direct visual odometry method combining events & frames. e EDS produces more accurate results than previous event-based methods.

EDS leverages the event generation model to track the camera motion In e Events improve classical photometric image alignment in frame tracking.
the blind time between frames.
e EDS is more accurate than SOTA frame-based odometry methods.

EDS Is formulated using brightness increments at sparse pixels,
assuming a probabilistic model that leads to an optimization problem.

e EDS opens the door to low-rate, low-power motion-tracking applications.
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e The camera tracking problem is a joint optimization of the normalized g 100
brightness increment error over the camera motion parameters (6DoF S 7s- o, T
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where AL(u) = Z wrprCd(u —ug) IS the observed events (*) w/o relocalization or loop closure.

tLeT EDS is solely visual odometry.

and AL(u)~ —VL(u)- J(u,dy)TAt is the Event Generation Model.
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e In comparison to previous work [1,7], the optimization Is done by
transferring the brightness increments of a sparse set of points to the
keyframe and finding the parameters of 017", T"
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